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Abstract

The proliferation of financial technologies has sparked intense debate
about their capacity to disrupt existing political, regulatory, and geopo-
litical arrangements. In policy discourse, FinTech is commonly framed as
a balancing act between fostering innovation and safeguarding financial
stability. This article examines how monetary authorities in the Global
North and Global South construct this balance in their public discourse.
Using a corpus of speeches collected from the Bank for International
Settlements, I identify seven core themes through qualitative analysis
and classify sentences across the full corpus using zero-shot classification.
Contrary to expectations of ideational contestation, the analysis reveals
a high degree of thematic homogeneity across regulators, suggesting the
presence of a shared policy narrative that endorses a circumscribed and
managed form of financial disruption. At the same time, regulators em-
phasise certain themes within this narrative in ways that reflect the po-
litical, economic, and institutional characteristics of the countries they
represent. These patterns of variation are examined using descriptive
statistics and cross-sectional regression models applied to the classified
text data.

Keywords: central banks; zero-shot classification; FinTech; policy narratives
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Introduction

The proliferation of new financial technologies (FinTech) has been called revolution-
ary (Caruana 2016), an opportunity (Philippon 2017), and a paradigm shift (Pereira
da Silva 2018). Debates on its impact on the future of finance have centred not only
on how these technologies are changing how financial services are provided, but also
on who provides them (Eichengreen 2021). FinTech has been acknowledged as a
disruptive force by several actors including industry, media, policy, and academia.
The disruption that financial innovation exerts on incumbent economic structures
and processes is widely considered one of the fundamental elements of capitalism,
what Schumpeter (2006) famously dubbed creative destruction.

To what extent the financial system should be transformed by new actors and tech-
nologies is what sets competing narratives of FinTech apart. Among its most extreme
examples are calls to fundamentally replace the international monetary system with
a Bitcoin standard (Ammous 2021) or to significantly erode the role of traditional
financial institutions. These views have influenced policy, as in the case of El Sal-
vador’s brief experiment with making the cryptocurrency legal tender despite the
lack of popular support for the move (Reuters 2021). Nevertheless, the mainstream
view among financial regulators is that FinTech is a double-edged sword and that
the challenge for policy-makers is balancing innovation with curtailing systemic risk
and market failures.

In this paper, I analysed a sample of 675 speeches on FinTech collected from the
Bank for International Settlements (BIS) portal. These speeches were delivered by
central bankers, BIS staff, and senior monetary authorities participating in events
related to FinTech. I found that speeches throughout the corpus displayed a striking
degree of homogeneity in terms of the themes, policy prescriptions, and assumptions
espoused by regulators. Issues such as promoting financial innovation, efficiency and
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economic growth dominate the corpus, though mitigating systemic risks, strength-
ening financial inclusion and deepening regulatory cooperation were also widespread
throughout.

The adherence to a single narrative, with recurring themes and policy prescriptions,
is puzzling given the heterogeneity in the financial infrastructures and stances to-
wards finance and technology platforms of the countries that the speakers represent.
Against this backdrop, the main research aim of this paper is to determine to what ex-
tent and why central banks converge on similar FinTech narratives despite divergent
national contexts. I argue that the highly technical subject matter of the speeches
and the specialised epistemic community to which the speakers belong partly ex-
plains the high degree of similarity between the documents. Nevertheless, I also find
evidence that regulators emphasise certain themes strategically to draw attention to
the issues that they deemed more salient despite operating within a shared policy
narrative.

This paper contributes to the growing literature on the quantitative analysis of cen-
tral bank speeches. Prior studies (Priola et al. 2022; Alonso-Robisco and Carbó 2023;
Pfeifer and Marohl 2023; Fraccaroli, Arel-Bundock, and Blyth 2025) have focused
on identifying competing narratives on issues such as inflation, central bank digital
currencies, and changes in economic paradigms over time. These approaches have
generally centred on measuring narrative elements using natural language processing.
I expand on this scholarship by modelling how speaker characteristics correlate with
thematic emphasis. In addition, this article offers a novel way of operationalising
policy persistence, a central but predominantly qualitative concept in the epistemic
communities literature (Verdun 1999).

The paper is organised as follows. Section 2 presents an overview of the literature
on central bank speeches and financial policy narratives. Section 3 describes the
mixed-methods approach adopted by combining inductive qualitative coding with
the use of natural language inference. Section 4 outlines the qualitative analysis of

https://doi.org/10.33774/apsa-2026-n7brx ORCID: https://orcid.org/0000-0001-7643-249X Content not peer-reviewed by APSA. License: CC BY-NC-ND 4.0

https://doi.org/10.33774/apsa-2026-n7brx
https://orcid.org/0000-0001-7643-249X
https://creativecommons.org/licenses/by-nc-nd/4.0/


777777

the themes identified using a sample of documents. Section 5 describes the results of
the sentence-level algorithmic classification and describes the variation in the themes
emphasised by different groups of speakers. In Section 6, I model this variation
using country-level characteristics as explanatory variables in cross-sectional OLS
models.

FinTech Policy Narratives and Epistemic Commu-
nities

Following the ideational turn in International Political Economy (IPE) (Blyth 1997;
Schmidt 2008), the question of whether narratives influence political and economic
behaviour is nowadays far less pertinent than how and when they do so. However,
measurement and operationalisation remain key challenges given the latent, fluid,
and highly complex nature of narratives (Roos and Reccius 2024). This paper draws
on the growing literature on central bank speeches and natural language processing,
as well as on the insights from the Narrative Policy Framework (NPF) to identify
key elements in the BIS FinTech corpus and operationalise its thematic structure.
However, while NPF offers a formal grammar of policy narratives, I rely on the
literature on epistemic communities to analyse the social conditions under which
certain narrative configurations become authoritative, persistent, and bounded.

Based on advances in psychology, narratology, and related disciplines, the NPF con-
ceptualises policy narratives as comprising four formal elements: settings, characters,
plots, and a moral or policy solution (Jones and McBeth, n.d.; Shanahan, Jones, and
McBeth 2011). Within this framework, the policy moral serves as the normative
anchor which transforms a descriptive account into a prescriptive policy narrative.
However, within epistemic communities, policy morals do not merely express indi-
vidual values or preferences. Rather, they reflect shared criteria of what counts as a
responsible, credible, and professionally legitimate policy response. Drawing on Haas
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(1992a), epistemic communities are here understood as ‘a network of professionals
with recognised expertise and competence’ (Haas 1992b, 3) who share notions of
validity as well as causal and normative beliefs.

The epistemic communities literature provides a complementary perspective to the
NPF by shedding light on the social foundations of narrative authority. As Ver-
dun notes, policy persistence, or ‘the continuation of consensus of ideas, beliefs and
goals over time among the members of the epistemic communities, contributes to
their credibility, and hence their authority’ (Verdun 1999, 314). From this perspec-
tive, epistemic communities are expected not only to impact the content of policy
narratives, but also their structure. They delimit the range of legitimate policy al-
ternatives, define acceptable causal stories, and stabilise policy morals over time,
particularly under conditions of uncertainty. Insofar as central bankers constitute a
transnational epistemic community, then regulatory discourse is expected to display
a high degree of narrative homogeneity at the level of core themes and policy solu-
tions. Policy narrative convergence, however, should not be interpreted as an absence
of politics or competing ideas, but rather as an outcome of the shared causal beliefs,
professional norms, and standards of validity that govern what can be credibly said
within expert fora.

Central bankers provide a paradigmatic case of such an epistemic community. Their
discourse has long been shown to reflect shared normative beliefs, including the view
that monetary and financial stability are public goods and that political indepen-
dence is necessary to safeguard them (Verdun 1999; King 2005; James and Quaglia
2023). This shared professional orientation tends to circumscribe the range of legit-
imate alternatives that can be articulated in official discourse. Policy debates are
typically framed in technical and depoliticised language, presenting regulatory chal-
lenges as matters of sound management, expertise, and shared causal understandings
rather than ideological conflict. As a result, disagreement within the community is
expected to occur within a bounded consensus. Disputes may arise over timing, se-
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quencing, or implementation, but not over core principles or the hinge propositions
(Steininger 2025) underpinning the policy paradigm. Nevertheless, even within a
congruent narrative, different frames may be strategically emphasised by speakers in
order to redirect attention without changing the core message.

The emergence of narratives is often tied to the rise of new concepts (Patterson and
Monroe 1998), FinTech is such an example. In a seminal paper, Arner, Barberis, and
Buckley (2015) defined it as ‘the new marriage of financial services and information
technology’ (Arner, Barberis, and Buckley 2015, 1) distinguishing three eras of its
evolution, the last of which began in the aftermath of the 2008 global financial crisis.
For private actors, regulators, and consumers alike, FinTech is understood as a force
of disruption – both positive and negative – though there are different perspectives
on how much the financial systems should be disrupted by new technologies and
actors.

The uncertainty not regarding the effects of FinTech disruption but also the extent
to which such disruption is desirable constitutes the cornerstone of discourse on the
subject, for central bankers and other actors alike. These differences can be partly
explained by the effects that these new technologies, such as platforms, have had on
different actors within the system. For example, the digital revolution increased the
amount of hard data available and reduced the competitive advantage that traditional
banks had when engaging in tasks such as assessing creditworthiness to allocate
capital (Eichengreen 2021). Similarly, though attempts by BigTech platforms to
encroach on the market of traditional banks have been met with varying degrees of
resistance (Langley and Leyshon 2021, 2023), they present a structural challenge in
a way that prior technology firms have not.

The entry of new actors and technologies was cause for concern for a community of
central bankers still reeling from the aftermath of the 2008 crisis (Green and Hay
2015; Kranke and Yarrow 2019). Against this backdrop, FinTech represents not only
a technological development but also an uncertainty-generating issue area in which
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expert knowledge and authority plays a central role. While multiple narratives of
FinTech circulate among different classes of actors, this paper focuses on the dis-
course prevalent among central bankers relying on both qualitative and quantitative
methods.

Mixed Methods Approach

The mixed methods approach adopted in this paper combines the qualitative induc-
tive coding (Chandra and Shang 2019; Skjott Linneberg and Korsgaard 2019) of
a small document sample and the use of zero-shot classification (ZSC) (Alhoshan,
Ferrari, and Zhao 2023) to identify meaningful recurring themes in the sample and
classify each sentence in the corpus into relevant labels. To this effect, I build on the
rich and growing literature on quantitative text analysis of central bank speeches1

(Alonso-Robisco and Carbó 2023; Pfeifer and Marohl 2023; Goutsmedt and Fontan
2024; Fraccaroli, Arel-Bundock, and Blyth 2025) and recent advances in the use of
natural language inference (Yin, Hay, and Roth 2019; Alhoshan, Ferrari, and Zhao
2023; Zhao et al. 2024). Based on the qualitative analysis of a sample of the cor-
pus detailed in Section 4, I derive seven frames used throughout the BIS corpus:
(1) Financial Innovation, (2) Financial Efficiency, (3) Economic Growth, (4) Finan-
cial Risk, (5) Financial Inclusion, (6) Regulatory Cooperation, and (7) Economic
Competition.

During the qualitative coding, each coded segment was a complete sentence, and in
cases where two or more themes were present in a single sentence, only the most
relevant was kept. After several rounds of iteration, a final codebook with a small

1For example Pfeifer and Marohl (2023) argue that older bag-of-words models such as topic and
dictionary methods ignore context and struggle with audience specificity. Alonso-Robisco and
Carbó (2023) analyse CBDC speeches and show that LLM-based sentiment aligns closely with
expert labels and can track how positions evolve over time. Similarly, Fraccaroli, Arel-Bundock,
and Blyth (2025) classify inflation narratives at the sentence level across the Bank of England,
the ECB, and the Federal Reserve and quantify how much each one was described over time.
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number of core themes was finalised. These labels, each corresponding to a frame,
were derived inductively (Chandra and Shang 2019; Walter and Ophir 2019) to
allow for relevant categories to emerge directly from the sampled documents. The
number of labels was kept small, and the coded segments were strictly complete
sentences to facilitate the integration of the outputs of the qualitative analysis with
the application of approaches for the subsequent zero-shot classification on each
sentence in the corpus (see Section 5).

Early applications of natural language processing (NLP) in political science and re-
lated fields often relied on supervised classification methods, requiring task-specific
training data for each new corpus such as identifying topics or frames in speeches by
manually labelling thousands of sentences beforehand in a labour-intensive process
(Laurer et al. 2024). However, in recent years there has been a shift toward leverag-
ing pre-trained language models and transfer learning to reduce reliance on manual
annotations. Rather than training a classifier from scratch, researchers can leverage
the accumulated prior knowledge in LLMs (Ivacic et al. 2024; Di Leo et al. 2025).

A growing body of work demonstrates the effectiveness of pre-trained models in classi-
fying political texts. For example, Le Mens and Gallego (2025) find that instruction-
tuned LLM classification of tweets and political sentences across policy and ideologi-
cal dimensions correlates at +.9 with expert coding and other human classifications,
and even outperforms supervised classifiers with labelled data. Gilardi, Alizadeh, and
Kubli (2023) find that OpenAI’s GPT-based models can outperform crowd-workers
at standard text annotation tasks, even without task-specific training. Similarly, Ryt-
ting et al. (2023) find that GPT-3, used as a synthetic coder, matched the accuracy
of human coders across a variety of social science coding tasks. Similarly, Zhang
et al. (2025) find evidence that generative LLMs are reliable tools for qualitative
coding, particularly in the application of pre-established codebooks.

Yet despite this proliferation of NLP approaches, many studies have privileged tech-
nological implementation over validity concerns, leading to an underdeveloped oper-
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ationalisation of social scientific measurements (Baden et al. 2022). For example,
unsupervised models, such as topic models, often struggle to make meaningful the-
oretical contributions (Chen et al. 2023) and their application in the absence of a
strong underlying theoretical framework runs the risk of ‘tea-leaf reading’ (Chang et
al. 2009). Furthermore, reproducibility (Benoit et al. 2016) and consistency can be
problematic with LLM prompting. Proprietary LLMs often function as black boxes
(Palmer, Smith, and Spirling 2023) and model updates or slight changes in prompt
wording can yield different outputs. Although LLMs possess extensive broad knowl-
edge, they may not reliably adhere to nuanced theoretical definitions unless carefully
instructed (Hohenwalde et al. 2025; Kuang et al. 2025; Ornstein, Blasingame, and
Truscott 2025).

Though the use of generative LLMs is increasingly popular among both qualitative
and quantitative scholars, they suffer from several drawbacks that are often glossed
over. Despite their several advantages over older bag-of-words models (such as LDA
topic models), they are deficient when it comes to reproducibility. Similarly, the
generative capabilities of models such as GPT-3 are not strictly necessary for simpler
classification tasks and larger context windows for more complex prompts may open
the door for confirmation bias risks.

To overcome these issues while capitalising on the analytical potential LLMs, I
adopted a more conservative approach by using zero-shot classification and smaller
models. Smaller BERT-based language models are just as efficient at classification
tasks, particularly those trained on domain-specific corpora, as large language mod-
els while having only a fraction of parameters and generally being both deterministic
and open-source (Burnham 2024). In addition, the lack of any provision of ‘correct’
classifications fed into the model by researchers, such as in few-shot classification
(Gilardi, Alizadeh, and Kubli 2023), further enhances reproducibility by removing
the last layer of – potentially arbitrary – human intervention in complex prompt
design. Furthermore, unlike bag-of-words approaches, where the tokenised unit is
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typically a word or n-gram, text classification methods applied to sequenced text
(e.g. full sentences, paragraphs, texts) consider full syntactic structures.

Keeping in line with the goals of transparency and reproducibility, I adopt a multi-
stage process combining several NLP methods (Nicholls and Culpepper 2021) and
present a fully replicable workflow (see Figure 4 in the appendix). Though pre-
processing steps are seldom reported explicitly in published articles, owing in part
to their rule-of-thumb and atheoretical nature (Birkenmaier, Lechner, and Wagner
2024), these can have significant impact on model outputs.

Circumscribed FinTech Disruption Narrative

Though there are multiple narratives on FinTech, they all centre around the disrup-
tion that new technologies may exert on one or more key dimensions such as (in-
ternational) politics, the financial industry, and economic development. Competing
narratives of FinTech differ on the desired extent of such disruptions, from radically
shifting the geoeconomic balance of power away from the US-led system or calls to
displace traditional financial institutions in favour of decentralised finance (DeFi),
to more moderate calls for piecemeal reform and increased cross-border regulatory
cooperation. However, as members of an epistemic community addressing an issue
rife with uncertainty (see Section 2), central bankers are expected to espouse a single
policy narrative, specifically one that is less open to radical disruption.

I argue that this policy narrative can be understood as one of circumscribed disrup-
tion. Accordingly, the variation between speeches is expected to be centred around
the themes which speakers emphasise rather than on competing accounts of how
much the financial system should be disrupted or in favour of whom. Though there
are significant differences in the political economies in which the institutions of the
speakers are embedded, such as their approaches towards regulating BigTech plat-
forms (Langley and Leyshon 2021, 2023) or cryptocurrencies (Ba and Şen 2024;
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Brännlund and Rapeli 2025), their shared causal and normative beliefs as well as the
nature of the fora in which the speeches are delivered demand thematic restraint.

The circumscribed disruption narrative dominating the corpus contends that regu-
lators must balance promoting innovation with limiting systemic risks and market
failures, preferably through deepened cooperation. It is a policy narrative where the
settings and characters might change from document to document, but the policy
moral persists (Shanahan, Jones, and McBeth 2011; Crow and Jones 2018). The
speeches follow a similar pattern: identifying a challenge posed by the rise of Fin-
Tech, giving an overview of its development in their own economies, and offering a
policy prescription. Though there is variation in this format, the documents follow a
similar structure and contain similar themes. Nevertheless, within these similitudes
there are differences in how often such recurring themes are used and, as shown in
Section 6, such variation is systematic and contingent on the characteristics of the
countries and institutions which the speakers represent.

The circumscribed disruption narrative emerged at a time when BigTech and FinTech
were becoming an increasingly salient issue globally, and when financial regulators
were still reeling from the aftermath of the 2007/8 Global Financial Crisis. The
first explicit use of FinTech in the BIS corpus appeared in 2016 in a speech by
Jaime Caruana (2016), titled ‘Financial Inclusion and the Fintech Revolution’, which
from the onset indicated the importance of financial inclusion as a central theme
and key normative aim of FinTech regulation.2 Previously, global consulting firms
Accenture and McKinsey both first used the term in 2014 publications on global
FinTech investments and start-ups (respectively) and Ernst & Young launched their

2This was of particular importance for speakers from developing economies and one of the main
pre-pandemic concerns among regulators. As expressed by Luiz Awazu Pereira da Silva, Deputy
General Manager of the BIS, FinTech ‘has brought a new paradigm to the design and imple-
mentation strategies for financial inclusion’ (Pereira da Silva 2018). In the words of Mahesh
Kumar Jain from the Reserve Bank of India: ‘[a] financial sector that does not prioritise finan-
cial inclusion cannot distribute the benefits of economic growth to all levels of society’ (Jain
2023).
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first FinTech adoption index in 2015 (Mention 2019). Similarly, Google searches
of the acronym fintech began increasing in 2015, with only negligible appearances
between 2004 and 2014 (Google 2025). It is also around the mid-2010s when the
use of social media became ubiquitous on a global scale, with Facebook – the largest
platform by number of users – surging ‘covering around 1.5% of the world population
in 2008 to around 30% in 2018’ (Ortiz-Ospina 2019). Concerns over the disruption
that new technologies would have on the financial system came to a head at around
this time, though their origins can be traced back to 2008.

The financial crisis of 2008 eroded trust in incumbent financial institutions and cast
doubt on the self-regulating nature and efficiency of financial markets (Bell and Hind-
moor 2015). Bailouts and the consolidation of a handful of institutions that were ‘too
big to fail’ reinforced public perceptions that the banking industry benefitted dispro-
portionately from state support at the expense of the broader economy (Chwieroth
and Walter 2020).3 Optimism in the effects of technological advances on financial
stability4 began to sour with the bursting of the dot-com bubble in the early 2000s
(Quinn and Turner 2020) and all but vanished with the collapse of Lehman Brothers
in 2008. It is in this context that FinTech began to enter the scene. In the words of
Mahesh Kumar Jain from the Reserve Bank of India, the FinTech revolution ‘started
soon after the North Atlantic Financial Crisis of 2007-8’ and was characterised by
‘the use of new technologies such as Artificial Intelligence and Machine Learning’ as
well as ‘an emergence of new entrants and new business models’ (Jain 2023).

Speaking at a conference in the Rwandan capital of Kigali, Ravi Menon, Managing
3The response to the global financial crisis also increased political and geopolitical tensions around

the globe. The austerity measures that were enacted as a response to the numerous debt crises
that unravelled in the aftermath of the global financial crisis ignited movements that placed
incumbent governments under pressure in western democracies (Braun 2016).

4The proliferation of advanced risk models and simulations, such as Value-at-Risk (VaR), fuelled
by developments in computing and data analytics fed into a sense of pre-crisis overconfidence
that the industry had managed to solve the longstanding problem of financial instability. The
idea that, in the words of Reinhart and Rogoff (2009), this time is different was commonplace
throughout the industry and even in regulatory circles was evidenced by the light touch approach
of initiatives such as Basel II (Lall 2012).
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Director of the Monetary Authority of Singapore (MAS), laid out the four principles
that guided his institution’s approach to FinTech regulation: ‘to increase efficiency;
to manage risks better; to create new opportunities; and most important to improve
people’s lives’ (Menon 2023). The developmental potential of FinTech was further
underscored as he addressed the audience of – mainly – African regulators, business
leaders, and financiers: ‘you have a unique opportunity to leapfrog legacy systems
and vested interests, and build a modern digital economy and society, from the
ground up on a clean slate’ (Menon 2023). The positive elements of FinTech such as
greater financial efficiency and new opportunities for economic growth, alongside its
negative aspects such as increased risks appear repeatedly throughout the corpus as
frames within the, albeit preponderantly positive, narrative of circumscribed FinTech
disruption

Though the language of the speeches is highly technical insofar as both speakers
and target audiences are almost exclusively comprised of experts, an epistemic com-
munity, financial regulation is deeply influenced by ‘fundamental battles over ideas,
cognition, and competing worldviews’ (Quaglia and Verdun 2025, 346). These fault
lines are reflected in recurring narrative elements such as metaphors, morals, and
characters present throughout the corpus. Furthermore, given the proximity between
the language of finance and the language of morality (Dyson 2014); it is unsurprising
that normative frames are ubiquitous among the financial facts and figures which
otherwise constitute the core of the speeches. For example, in a London speech
on the opportunities of digital finance, Andy Haldane from the Bank of England
remarked: ‘[d]iversity and competition are, generally-speaking, positive features of
an eco-system, including financial eco-systems. Other things equal, they tend to
foster both efficiency and stability, a divine combination’ (Haldane 2020). Among
the charts of a mostly technical speech on new trends in the payments system, Hal-
dane highlights a core normative assumption on the financial system in metaphorical,
quasi-poetic language. It is a common thread that, despite differences in how cer-
tain themes are emphasised or framed, the underlying shared assumption, or hinge
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proposition (Steininger 2025), is that the global financial system is at its core a
positive-sum game.

These similarities regarding the main challenges of FinTech and how they should
be addressed notwithstanding; there are some issues areas in which key differences
emerge, particularly when the use of new technologies intersects with geopolitical
concerns. An exemplary case is that of Central Bank Digital Currencies (CBDCs),
where such tensions are well documented (Alonso-Robisco and Carbó 2023; Quaglia
and Verdun 2025). US speakers underscore the primacy of greenback as the world’s
reserve currency and the lack of viable alternatives. As pointed out by Christopher
Waller from the US Federal Reserve, even as decentralised financial instruments pro-
liferate, insofar as they are traded and denominated mostly in USD, their expansion
‘will simply strengthen the dominant role of the dollar’ (Waller 2024, 7). This poten-
tiality is tacitly acknowledged by non-US speakers, particularly Western Europeans,
though it is framed less favourable terms.

Speaking on the case for a digital Euro, Piero Cipollone from the European Central
Bank, argued that one of its key benefits would be reducing ‘the risk of other settle-
ment assets being used, such as US dollar stablecoins, which would reintroduce credit
risk, fragmentation and a dependency on non-European solutions’ (Cipollone 2025).
Similar geopolitical concerns are echoed by other European speakers. Speaking on
the challenges posed by the digitisation of the economy, Denis Beau from the Bank of
France called for the protection of national and European sovereignty, defining it as
regulators’ ‘ability to preserve and impose our collective choices in terms of stability,
efficiency and fairness of the financial system’ (Beau 2020). However, though several
risks and challenges are identified throughout the speech, the speaker concludes that
the solution to such predicaments ultimately lies in ‘reconciling the need for openness
and support for innovation’ (Beau 2020) and that closer regulatory cooperation is a
key component to this effect.

Similarly, traces of divergent approaches towards domestic FinTech regulation can be
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found throughout the corpus. For example, as Langley and Leyshon (2023) find, reg-
ulators in China have adopted a more restrictive approach towards the encroachment
of BigTech platforms in the financial system whereas the West – and specifically the
United Kingdom – tends to work with platforms to promote ecosystems of innova-
tive firms. This is reflected throughout BIS FinTech speeches as in the case of Guo
Shuqing from the People’s Bank of China in his remarks about BigTech firms taking
advantage of data monopolies ‘to hinder fair competition and seek excess profits’
(Shuqing 2020). Nevertheless, the prescribed solution for these woes remains: ‘[w]e
will encourage innovation while enhancing risk control’ (Shuqing 2020), remaining
within the circumscribed disruption narrative despite the particularities of the Chi-
nese financial system.

The existence of a shared policy narrative of circumscribed FinTech disruption is per-
haps most succinctly expressed by Benjamin Diokno from the Central Bank of the
Philippines who advocated for a collaborative approach towards ‘overseeing the in-
creasingly disruptive, yet, vibrant narrative of Fintech developments’ (Diokno 2019).
Nevertheless, this shared narrative of balancing innovation and risks through regula-
tory cooperation is nuanced and stretched by speakers emphasising different recurring
frames to draw attention to the themes they deem more relevant. In the next section,
I outlined how such themes are identified and classified.

Distribution of Themes

The themes identified in the qualitative analysis (see Section 3) are taken as labels
with which the entire corpus of BIS FinTech speeches is classified. In line with the
expectation that the corpus reflects a singular policy narrative (see Section 4), the
distribution of themes is remarkably similar across different classes of speakers, with
only modest variation suggesting that certain parts of the narrative are strategically
emphasised. The data analysis pipeline (see Figure 4) proceeded in three main stages:
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a) data collection and pre-processing, b) sentence classification using a zero-shot
learning model based on labels uncovered from the qualitative analysis of a random
sample of the corpus, and c) aggregating mean label classification scores (numeric
variable ranging from 0 to 1) at the country level to construct the dependent variables
for the cross-sectional regression analysis.

In the first stage, I deployed a headless browser using the RSelenium (Harrison, n.d.)
package to dynamically scrape all FinTech speeches from the Bank for International
Settlements (2019) portal. I collected metadata including the title, publication date,
speaker, position and country, resulting in a dataset of 675 unique speeches from
58 institutions delivered between 2014 and 2025. Figure 1 shows the geographic
distribution of FinTech speeches based on the affiliation of the speaker. Though
most speeches are given by a speaker affiliated with one of the 63 BIS member
central banks, some, as in the case of Pakistan, are delivered by representatives
of non-BIS authorities. Similarly, some large BIS-affiliated countries with strong
domestic FinTech sectors, such as Brazil, are absent from the corpus.

Figure 1: BIS FinTech Speeches Distribution

In the second stage, the documents were tokenised into individual sentences using
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the tidytext package (Silge and Robinson 2016). Pre-processing steps included punc-
tuation normalisation, removal of noise phrases (e.g., ‘Check against delivery’), and
filtering of short or fragmented sentences. Only sentences containing three or more
tokens were retained, resulting in a data frame of 38,930 observations. Next, I used
the labels identified during the qualitative analysis on the sample to perform a zero-
shot classification on each tokenised sentence using the Hugging Face transformers
library (accessed via Python through reticulate) and the Political DEBATE (De-
BERTa) model developed by Burnham (2024). The zero-shot classifier assigned a
probability score (0 to 1) to each label per sentence, which was then merged with
sentence-level metadata.

Finally, in the third stage of the data analysis pipeline, the thematic label scores were
aggregated at the country and country-year levels to produce average probabilities
and confidence intervals for each category. Keeping in line with tidy data principles
(Wickham 2014; Tkachenko 2025), during both the qualitative analysis and zero-shot
classification, the units of observation are individual sentences, each with their own
unique ids, nested within documents with unique identifiers and structured document-
level metadata (e.g. speaker, country, position) to enable analysis at various levels of
aggregation (document-level, country-level, sentence-level). These aggregated scores
constitute the dependent variables in the regression analysis detailed in Section 6 on
the relative emphasis placed on different dimensions of FinTech-related discourse by
different classes of speakers.

Figure 2 shows the distribution of thematic labels across the BIS speeches delivered
by income groups. Some labels such as efficiency, risk, and competition show little
variation between developed and developing economies, whereas others like innova-
tion, growth and financial inclusion display greater differences. These differences
notwithstanding, the overall rank of themes is consistent among all groups, with
innovation and efficiency at the top and inclusion and cooperation at the bottom.
However, there are some clearly visible trends, particularly in the case of Economic
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Figure 2: Label Scores by Income Group
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Growth and Financial Inclusion, which suggests that representatives from less devel-
oped nations seek to draw attention to these themes. In the following section, this
variation is modelled using cross-sectional models.

Thematic Emphasis Models

The limited variation of theme distributions across different classes of actors is con-
sistent with the assertion that the BIS speeches are part of a single circumscribed
FinTech disruption policy narrative. However, this modest variance is expected to
correlate with different country characteristics suggesting that speakers emphasise
certain labels strategically. To assess this, I ran eight cross-sectional OLS models
where the response variables are sentence-level zero-shot probabilities averaged at the
country level for each label i. In turn, the predictor variables capture differences in
financial infrastructure (e.g. banking concentration) and economic development such
as GDP per capita and central bank independence. All continuous predictors are
standardised (z-scale) so coefficients can be interpreted consistently. I used the same
predictors across all models (see Equation 1). Mobile Utility Payments is the per-
centage of respondents who reportedly make regular payments for water, electricity,
or trash collection in the past year using a mobile phone as a proxy for FinTech de-
velopment. Bank Concentration is the asset share of the top three commercial banks
in the jurisdiction (World Bank, n.d.). Central Bank Independence is a composite
index ranging between 0 and 1 where 1 reflects the highest level of independence
(Quality of Government Institute, n.d.). Nominal GDP and GDP per capita are also
included throughout (World Bank, n.d.).

𝑌𝑖 = 𝛽0 + 𝛽2 Bank_Concentration + 𝛽3 Mobile_Utility_Payments +
𝛽4 Central_Bank_Independence + 𝛽5 log(GDP) + 𝛽6 log(GDP_pc) + 𝜀

(1)
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I used 2020 as a baseline for values of all predictors across the models, when data
was unavailable for that year, I used 2021 values. Importantly these models exclude
speeches given by staff members of an international organisation namely the BIS and
the European Central Bank, resulting in a total of 56 units of observation. Figure 3
shows the resulting coefficients (see Table 1 in the appendix).

The results are consistent with the presence of a single policy narrative, but one
rife with small variation in the emphasis of certain labels. Across the board, the
magnitude of all the (standardised) coefficients is small, even when it is statistically
significant. This is consistent with the aggregate label propensities displayed in
Figure 2, which show that the propensity rank of each label remains consistent even
when disaggregated by income categories. Furthermore, this small degree of variation
in thematic proportions correlates with country characteristics across some labels
suggesting strategic emphasis.

As shown in Figure 3, political economy factors account for some observed differ-
ences in the propensity towards specific labels. For example, as expected, speakers
from lower-income countries are slightly more inclined to discuss Financial Inclusion.
Though the issue was the most prevalent prior to the 2020 global pandemic, more re-
cently it has become a secondary concern, especially for representatives of developed
economies.

Similarly, less developed economies with less independent central banks and more con-
centrated financial sectors are more likely to emphasise Economic Growth, whereas
higher income countries with more competitive financial sectors are more likely to
emphasise Innovation. These results are consistent with the strategic emphasis on
issues that are more relevant to the institutions that speakers represent. Countries
with better performing financial sectors and more developed economies draw more
attention to the technical concerns which fall under the Innovation, whereas worse
performing economies are more concerned with framing FinTech as a potential av-
enue for growth and inclusion.
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Figure 3: Label Emphasis Model Coefficients
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In addition to the trade-off between speakers emphasising the growth and innovation
aspects of FinTech, representatives from countries with more independent central
banks tend to discuss Regulatory Cooperation at a higher degree. This is expected
given that such speakers are more likely to be committed to the shared values of
the epistemic community of central bankers, resulting in more emphasis placed on
regulatory cooperation as a key policy solution.

Finally, Economic Competition and Financial Efficiency are not correlated with any
factor in the models, suggesting that it is widely and equally acknowledged that
FinTech is, or should, be an avenue for improving the financial system as well as
core normative pursuits within the epistemic community. Despite the differences
in the economic, political and financial systems of the countries represented in the
BIS FinTech speeches corpus and their systematic emphasis on certain themes, the
evidence suggests that regulators adhere to a single policy narrative of circumscribed
FinTech disruption.

Conclusion

This article examined how financial regulators narrate FinTech as a form of disrup-
tion, not simply in technological terms, but as a political and governance challenge.
The BIS FinTech speeches analysed in this study reveal a high degree of narrative
convergence around a circumscribed understanding of how, and how far, financial sys-
tems should be transformed. This convergence should not be interpreted as evidence
of uniform preferences or the absence of disagreement among regulators. Rather,
it reflects the operation of a transnational epistemic community characterised by
shared causal beliefs about financial stability, common policy commitments, and
broadly aligned normative views on the importance of innovation. Against this back-
drop, disagreement is not expressed through competing narratives of disruption but
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channelled into limited and patterned variation in thematic emphasis, allowing regu-
lators to signal national or institutional priorities while adhering to a shared policy
narrative of circumscribed disruption.

While other contributions to this special issue demonstrate how FinTech disrupts
monetary orders, political authority, security arrangements, innovation dynamics,
and financial governance structures; this article shifts attention to how such disrup-
tive pressures are processed within expert regulatory communities. It shows that
disruption does not simply confront regulators from the outside but is actively inter-
preted and delimited through shared discourse. Policy narratives function here as
epistemic devices that delimit acceptable forms of disruption. This, however, does not
eliminate political conflict over FinTech disruption or neutralise its distributive conse-
quences. Instead, it reorganises contestation by relocating it away from foundational
questions and towards the strategic emphasis of themes within a common narrative
framework. In doing so, the paper highlights a mechanism through which potential
disruption is mitigated and stabilised in contemporary technocratic governance and
offers a way to observe that process systematically through the quantitative analysis
of regulatory discourse.
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Appendix

Figure 4: Full Analytic Workflow
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Figure 5: Time Distribution of BIS Speeches
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Figure 6: Label Model Correlogram

Table 1: OLS regression full results

Term Estimate Std. Error P-value Model CI Low CI High

bank_concentration-0.002 0.004 0.627 Financial
Inclusion

-0.011 0.007

mobile_payment0.002 0.004 0.618 Financial
Inclusion

-0.005 0.009

centralb_indep-0.002 0.003 0.483 Financial
Inclusion

-0.008 0.004

gdp 0.000 0.005 0.925 Financial
Inclusion

-0.009 0.010
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Term Estimate Std. Error P-value Model CI Low CI High

gdp_per_capita-0.012 0.005 0.015 Financial
Inclusion

-0.021 -0.003

bank_concentration-0.072 0.029 0.017 Financial
Innovation

-0.129 -0.016

mobile_payment-0.037 0.025 0.145 Financial
Innovation

-0.085 0.012

centralb_indep0.009 0.021 0.683 Financial
Innovation

-0.032 0.049

gdp -0.119 0.032 0.001 Financial
Innovation

-0.183 -0.056

gdp_per_capita0.070 0.031 0.028 Financial
Innovation

0.010 0.130

bank_concentration0.023 0.016 0.164 Financial
Risk

-0.009 0.055

mobile_payment0.005 0.014 0.706 Financial
Risk

-0.022 0.032

centralb_indep0.003 0.012 0.767 Financial
Risk

-0.019 0.026

gdp 0.032 0.018 0.085 Financial
Risk

-0.003 0.067

gdp_per_capita0.003 0.017 0.874 Financial
Risk

-0.031 0.036

bank_concentration0.001 0.012 0.917 Financial
Efficiency

-0.022 0.024

mobile_payment0.007 0.010 0.465 Financial
Efficiency

-0.012 0.027

centralb_indep-0.008 0.008 0.340 Financial
Efficiency

-0.024 0.008

gdp 0.009 0.013 0.483 Financial
Efficiency

-0.016 0.035

gdp_per_capita0.009 0.012 0.453 Financial
Efficiency

-0.015 0.034

bank_concentration0.040 0.014 0.008 Economic
Growth

0.012 0.069

https://doi.org/10.33774/apsa-2026-n7brx ORCID: https://orcid.org/0000-0001-7643-249X Content not peer-reviewed by APSA. License: CC BY-NC-ND 4.0

https://doi.org/10.33774/apsa-2026-n7brx
https://orcid.org/0000-0001-7643-249X
https://creativecommons.org/licenses/by-nc-nd/4.0/


313131313131313131313131313131313131313131313131313131313131

Term Estimate Std. Error P-value Model CI Low CI High

mobile_payment0.006 0.012 0.608 Economic
Growth

-0.018 0.030

centralb_indep-0.029 0.010 0.007 Economic
Growth

-0.049 -0.009

gdp 0.044 0.016 0.009 Economic
Growth

0.013 0.076

gdp_per_capita-0.044 0.015 0.006 Economic
Growth

-0.074 -0.014

bank_concentration0.005 0.006 0.445 Regulatory
Coopera-
tion

-0.008 0.018

mobile_payment-0.006 0.005 0.292 Regulatory
Coopera-
tion

-0.016 0.005

centralb_indep0.010 0.005 0.033 Regulatory
Coopera-
tion

0.001 0.019

gdp 0.001 0.007 0.887 Regulatory
Coopera-
tion

-0.013 0.015

gdp_per_capita0.004 0.007 0.586 Regulatory
Coopera-
tion

-0.010 0.017

bank_concentration-0.012 0.008 0.145 Economic
Competi-
tion

-0.028 0.004

mobile_payment-0.001 0.007 0.910 Economic
Competi-
tion

-0.014 0.013

centralb_indep0.008 0.006 0.163 Economic
Competi-
tion

-0.003 0.020
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Term Estimate Std. Error P-value Model CI Low CI High

gdp 0.005 0.009 0.601 Economic
Competi-
tion

-0.013 0.023

gdp_per_capita-0.001 0.009 0.946 Economic
Competi-
tion

-0.017 0.016

bank_concentration0.017 0.016 0.304 Other -0.015 0.049
mobile_payment0.022 0.014 0.114 Other -0.005 0.050
centralb_indep0.009 0.012 0.450 Other -0.014 0.032
gdp 0.027 0.018 0.144 Other -0.009 0.063
gdp_per_capita-0.029 0.017 0.098 Other -0.063 0.005
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